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Background
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It has never been before so easy and affordable to access and utilize genetic variation of any organism and Table S1 ) organized into 12 notebooks grouped on three sections ( Fig. 1 
72
Either for a simulated or an empirical run, the user will obtain summary data and plots informing of read 73 length distribution, GC content vs. length, and read length vs. quality score (when available). If barcodes were 74 used in the experiment, Porechop can be used for demultiplexing, barcode trimming and to filter out reads.
Depending on the application, sequence data can be aligned against reference sequences or used for Table S4 : Comparison of three de novo assemblers in a high-coverage ONT dataset; Table S5 : 117
Comparison of results from two hybrid de novo assemblers; Figure S1 . Human mitochondrial DNA variant 118 representation against the reference sequence; Table S6 228 229 Table S3 ). The use of assembly polishers (e.g. Racon) did not improve significantly the 236 assembly. Besides, we used the FASTA file to compare three distinct assemblers (Canu, Flye, and Miniasm). Overall, Canu and Flye were by far the 237 most accurate alternatives, but Flye was much less computationally expensive. Miniasm was able to assembly the genome into a single contig, and was 238 the fastest alternative of all three (Supplementary Table S4 ).
239 240 Fig. S1 ). In this case study, we have used the following notebooks in the order: 
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Example 4. We used NanoDJ to create a local BLAST database with seven mitochondrial reference genomes from distinct vertebrates. In parallel,
265
NanoDJ was used to simulate 30 ONT reads from seven species with NanoSim-h, which were merged into a single FASTA to emulate a 210-read 266 heterogeneous sample run with balanced proportion of species (~14.3% each). NanoDJ was finally used for a BLAST-based classification of simulated 267 reads to obtain species abundance. In this case study, we have used the following notebooks in the order: 1 st ) 7.0_SimulateReads.ipynb, 2 nd ) 268 0.0_QualityControl.ipynb, and 3 rd ) 8.0_Alignment.ipynb. As expected, the average abundance was supported by 14.3% of reads (excluding the 269 unassigned), although with minimal fluctuations between 12.9 and 16.1% (Supplementary Table S6 ).
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